The article discusses the environmental efficiency of the countries of the European Union and its main objective is to verify models that could be used to explain changes in efficiency in selected countries and to add to the contributions of other authors. Two-step Data Envelopment Analysis (DEA) has been used, which is a suitable method for verifying the statistical significance of environmental variables. Two DEA models-CCR and BCC-were used and efficiencies have undergone a double-bootstrap procedure. As input variables, three emission per capita indices were computed to single output GDP per capita. Three truncated regression models have been proposed. Results have shown that the model with drivers of climate change and variables connected to socio-economic factors is the most relevant and significant. There are common variables, whose improvement increases the efficiencies in all European Union countries, but there are also indices which have to be considered in individual/subgroup policies and implications, such as environmental taxes, waste management, resources productivity, and transport of goods management.
Introduction
Measuring environmental efficiency is one of the basic processes for improving the quality of the environment. Such measurement provides us with valuable information about the current state of the environment, but also provides implications for sustainable improvement of environmental policies in the future. At present, the main issue is the reduction of greenhouse gases emissions. In this study, we aim to evaluate the environmental efficiency of the European Union (EU) countries and explain efficiency obtained by selected indicators. We also focus on identifying selected issues that could imply a change in EU policies on assessment and improvement of the environment.
As the aim of this study is to assess the impact of the efficiency determinants in the EU, we researched the studies which researched the political or geological group of countries. In the previous literature, there are several studies that have addressed the topic of environmental efficiency of selected countries, economic or political communities. Some of these studies addressed global environmental issues [1] [2] [3] [4] , some addressed issues of selected political groups, such as the V4 [5] , selected geographic groupings [6] , or selected countries of the world [7] [8] [9] [10] [11] , but many studies have dealt with the issue of environmental efficiency and the state of the environment in the EU. The authors of study [12] analyzed the countries of the European Union in 2001-2008 from the point of view of energy and environmental eco-efficiency; the authors found that countries with strong environmental policies are less efficient than countries where the environment is not so important, also pointing to the inefficiency of Eastern European countries. Another study [13] dealt with efficiency in the agricultural sphere and the associated planning of environmentally friendly measures, pointing again to the higher efficiency of the countries that joined the EU earlier, recommending to focus also on environmental resource overexploitation. The study of [14] points to the fact that although the countries that joined the EU later have lower environmental efficiency, their productivity growth has been higher. Other authors [15] have focused more on the efficiency of environmental burden measures and have provided selected countries with Europe as a benchmark for those whose environmental policies are not so successful. The European countries were also surveyed in another [16] study in the period 2001-2012, and differences in the efficiency of selected countries were found in contrast to the above-mentioned studies, as the most environmentally friendly countries included the countries that joined the EU later, such as Latvia or Estonia. In the same period, the efficiency of EU countries was also examined in a further study [17] , and it was found that the share of renewable and nonrenewable resources is significant for the level of environmental efficiency. They also found that environmental tax revenue effects are negatively stronger in less efficient countries in contrast to transport taxes. In a further study [18] , the EU countries were analyzed in 1990-2011 and divided by the authors into the EU-15 countries, the countries that joined in recent years, and the candidate countries, and it was found that the EU-15 countries had a higher potential to increase GDP while reducing CO 2 emissions. In a further study [19] , the European and Asian countries were compared and on the basis of the results, it was clear that the Asian countries expressed the need for a greater reduction in CO 2 emissions, while the European countries had to reduce government spending.
Based on the above-mentioned literature review, it can be argued that environmental efficiency is a field of research where some of the results of studies are unified, but in some results, they are dissolving. In most studies, authors used the efficiency measured by the Data Envelopment Analysis (DEA) method and its various modifications. Many studies focus on environmental performance and the efficiency of selected countries of geopolitical clusters, but few of them also describe the potential impacts of selected indicators of environmental pollution and other economic factors of environmental efficiency, and such research is completely missing in the case of EU countries. It is not only important to point to the need to reduce greenhouse gas emissions as a proxy for environmental improvement policies but also to look for and confirm new causes and factors whose improvement may ultimately lead to environmental improvements. The EU is a union of sovereign countries joining a common EU policy, which some countries have adopted later, and it is necessary to examine whether environmental improvement policies should not be adapted to certain groups of countries. Wide use of the DEA in energy and environmental efficiency was confirmed also in [20] . Few studies attempt to determine possible determinants of this efficiency [6, 13] . Therefore, in this study, we focus on possible determinants of environmental efficiency from the point of view of existing research.
The social dimension concerns the need to minimize any negative impacts from industrial activities, and the economic dimension refers to the efficiency of business operations, creating a balance between the resources used for manufacturing products and offering services to people. Environmental sustainability, which is the focus of this study, addresses the preservation and protection of natural resources for future generations.
In fact, the improvement of environmental efficiency in the sector of emissions will improve the sustainable environmental growth. Based on [21] , the environmental sustainable growth and eco-efficiency are two highly correlated groups and we have to take into account also the social dimension and the economic dimension which refers to the efficiency of business operations, creating a balance between the resources used for manufacturing products and offering services to people. So, we have to find the suitable "mix" of indices which are affecting the environmental efficiency. Environmental sustainability, which is the focus of this study, addresses the preservation and protection of natural resources for future generations. The aim of this article is to verify some models with possible determinants of the efficiency and identify key indicators of the efficiency improvement to ensure more sustainable growth in environmental processes of the EU as a whole.
Materials and Methods
As part of this study, the two-step DEA method was used to obtain the results. The main idea of this approach is to obtain the values of environmental efficiency in the first step, and in the second step to determine the impact of the selected determinants of the environmental efficiency. In the first step, the Farrell efficiency [22] was used, using the input models assuming the constant returns to scale (CCR) and variable returns to scale (BCC) proposed by [23] . The CCR DEA model which was used has the following envelopment program form:
The DEA BCC model has the following envelopment program form:
In the second step, Simar's and Wilson's [24] second algorithm was used to ensure consistent regression results, after double bootstrap based on [24] truncated regression was performed, which is applied in many studies from other areas [25, 26] and environmental efficiency [6] .
The 26 countries of the European Union (Malta and Luxembourg were excluded due to the lack of reliable data and small area of the countries) have been researched during 2008 to 2016. This will create a window of 26 countries for 9 years-234 Decision making units (DMUs) as it is proposed by [27] . The main idea of this approach is that each decision-making unit in each year is seen as a separate DMU.
In the first step, we use emissions input variables in relation to the population. Many of the studies we mentioned in Section 1 apply the emission variables as undesirable output, and use other variables (e.g., labor, capital indicators, energy consumption, fertilizers use) as the input variables. But according to our judgment, the higher number of employed people or the higher capital used in a country does not have to implicate higher emissions, and many of the studies [28] [29] [30] treat the undesirable outputs, which, in fact, emissions are, as the input variable. This approach is relevant because the aim of the DEA method is to reduce inputs or maximize outputs, and the emissions have to be downsized in the case of improving the efficiency. But we have also measured the efficiencies using traditional inputs (energy consumption and consumption of nitrogen fertilizers), desirable output (GDP per capita), and undesirable outputs (CO 2 /capita, N 2 O/capita, and Methane/capita); the correlation between efficiency measurement with greenhouse gases as inputs and traditional measurement of efficiency is in the case of BCC model 0.75 and in the case of CCR model 0.93, which are high correlations, and we would rather use the traditional input variables as explanatory variables in the second step to assess their impact on efficiency of emissions. EUROSTAT [31] provides much valuable information in its databases, and all of our data comes from the EUROSTAT database, in terms of greenhouse gas emissions, mainly CO 2 , methane, and nitrous oxide in kilograms. These input variables are in proportion to the number of inhabitants in the given year for the needs of our study. The only output is the GDP per capita.
As for the explanatory variables used in the second step of the two-step analysis, we have used the following variables:
• EnerCon-Energy consumption in t per capita According to Eurostat, the first 5 variables are the drivers of climate change, and we want to verify their significance. We selected these 5 drivers (one of each category) on the basis of their availability for the selected period and for the countries investigated. The remaining three variables cover the economic characteristics and environmental policies of the EU countries.
To verify the impact of selected environmental efficiency determinants, we used truncated regression. The dependent variable is bias-corrected CCR or BCC input efficiency-δ i . We have proposed three models. Model 1 verifies the influence of all the determinants, Model 2 verifies the influence of variables known as drivers of climate change, and Model 3 combines the variables used in Models 1 and 2. Three models have been designed by the authors:
We will verify the above-mentioned models in the end of Section 3. Computations were made in the program RStudio.
Results
In this section we summarize the results of our research. Table 1 lists the basic descriptive characteristics of the input variables and output variable of the models DEA CCR and BCC. Own processing according to data collected from EUROSTAT. Table 2 shows the basic characteristics for the explanatory variables used in the second step of the analysis in the individual models. Own processing according to data collected from EUROSTAT. Table 3 shows the results of measuring efficiency after the double-bootstrap process. The values are average for each country for the researched period. Own processing according to data collected from EUROSTAT.
The lowest average efficiency values achieved were for Poland and Bulgaria, where these values were around 0.17, which is significantly less than the most efficient country, Sweden, averaging at 0.86. Austria, United Kingdom (UK), and France were also highly efficient. Effective countries (i.e., benchmarks) were in the UK in 2015 and Sweden in 2016. Slacks show how much the inputs should be reduced in order for countries to reach the benchmark efficiency. The average efficiency values in column 6 after duplicating with the double-bootstrap algorithm are lower for all countries, due to the fact that this algorithm approximates to real values of efficiencies and also includes a statistical error [24] . As it is evident that the "Eastern Block" countries of the EU are less efficient than western located countries, we have decided to divide these countries into two groups. The first group (Group 1A) consists of 15 western European countries and the second group (Group 2A) is the 11 Eastern Block countries that joined the EU later. Development of countries efficiency is shown in Appendix A in the Figures A1 and A2. Table 4 shows the results of DEA BCC model computation.
Compared to the CCR model, the performance of the BCC model was slightly different. Many countries that had low efficiencies in CCR models are closer to the efficiency threshold (e.g., Romania, Bulgaria, Hungary, Croatia, Portugal) in the case of the BCC model. Conversely, there has been no reduction in efficiency because BCC efficiency is always at least equal to or higher than CCR efficiency.
Similar results also apply to double-bootstrapped efficiencies. We divided the countries as in the CCR model into two groups, but the geopolitical division was not appropriate, so we grouped countries with an efficiency of more than 0.75 in 2016 in Group 1B, and all other countries in Group 2B. Breakdown into groups and development of efficiency is recorded in Appendix A in Figures A3 and A4. Table 5 shows the results of modeling of efficiency determinants for the window of all countries researched over the reference period. Own processing according to data collected from EUROSTAT. From the three models we have constructed, Model 1 is the most appropriate model, which also explains the relatively high percentage-86.32%-variability of the dependent variable. In this model, unlike in Model 2, the variables, which are drivers of climate change, are not statistically significant. This points to the need to address environmental variables of the economic environment. Model 1 has an unexpected effect of only the variable Waste, which is not statistically significant, unlike in Models 2 and 3, where the variables Waste and EnerCon have an unexpected effect. The increase in production also implies an increase in efficiency, but this variable is not statistically significant even in one model. An interesting fact is the negative impact of environmental taxes on efficiency. On the contrary, increasing revenue and resource productivity and reducing road freight transport and fertilizer consumption can increase the efficiency of the sample. Table 6 describes the results of the modeling with the dependent variable BCC double-bootstrapped efficiency. The results for BCC efficiency as a dependent variable are similar to CCR for Model 1. The only significant difference is that the increase in production reduces the efficiency. It has been confirmed that higher levels of waste per person increase efficiency. Models 2 and 3 are less important than Model 1, as was the case with CCR efficiency as the dependent variable. Table 7 presents model results for countries divided into 2 groups. Note: significance lvl. *** p < 0.001; ** p < 0.01; * p < 0.05. Own processing.
For models built for Group 1A, again, Model 1 is the most relevant model. Unlike the model that included all countries, drivers of climate change are statistically significant, while on the other hand, tax and productivity variables are statistically insignificant. Model 2 has a relatively low explanation power. For all variables except ln(ProdIn), their effect is as expected.
In the Group 2A models, a similar trend in the predictive ability of the models is observed as for Group 1A. However, in Model 2, the higher statistical significance of individual independent variables is observable than in Model 1. Unlike Group 1A, there was an increase in R-squared and change of influence of environmental taxes on efficiency where the impact was positive. However, an unexpected effect was recorded in this group of countries on all three models for the EnerCon and Waste variables. Table 8 shows the results for Groups 1B and 2B. In this case, it was also confirmed that Model 1 is the most significant and relevant model for both groups of countries. Models 2 and 3 explain less variability of the statistical set. In the case of Group 1B, there have been several unexpected effects of explanatory variables on efficiency-the variables FertNitr, RoadTr, ResProd. An interesting fact when comparing both groups for Model 1 is that for more efficient countries, the increase in environmental taxes has a positive effect on efficiency, while for less efficient countries, the impact is negative. In less efficient countries, increasing productivity increases resource efficiency, while Group 1B is the opposite. Differences in impact compared to Group 1B were observed also in the variables RoadTr, Ln(ProdIn), Waste, FertNitr, and EnerCon.
Discussion
We can divide our results implications in two aspects; the first is the level of environmental efficiency of the EU countries researched and the second is the verification of the impact of selected explanatory variables on environmental efficiency.
We used a slightly different approach to input and output indicators, as in the most studies, with inputs being emissions that we want to reduce with fixed output-GDP per capita. Our research, however, confirmed that the results of the models did not differ significantly, as shown below. The DEA recommends lowering greenhouse gas inputs for more environmentally efficient EU countries based on slacks, as in [19] , and this applies to other countries as well (e.g., China [32] ). This means that a similar level of GDP per capita can be achieved with significantly lower greenhouse gas emissions. Comparison between the CCR and BCC models shows interesting results. Based on the results of the measuring of efficiency in the first step, it is obvious that, on the basis of environmental efficiency, EU countries can be divided into two groups, similar to the division of countries into smaller units as in [13, 33] . The efficiency of the countries that joined the EU more recently is, in the case of CCR model, lower than in [14] , but it is not the case of the BCC model. However, this does not have to apply to the efficiency of selected industries as indicated by [34] . Some countries, as we mentioned in the previous section, are significantly more efficient in the BCC model, and it is therefore assumed that in their case they may be thinking of rising yields on the scale; the countries that implement more technology into their technologies than the more environmentally friendly countries can benefit from growth of variable yields on a scale. Conversely, countries such as Austria, Belgium, and Finland have not achieved a more robust increase in efficiency for the BCC model, as evidenced by low environmental awareness of emissions [15] . It is difficult to determine which DEA model is more suitable for the assessment, so we would have to know the environmental status and policies of each surveyed country, as it is [16] . The BCC model is, however, more realistic, since the precalculation for constant yields on a scale is, in real terms, rather theoretical.
In terms of meeting the article objectives, the second step of the analysis is more important. The results of truncated regression modeling suggest that, as in [19] , less environmentally efficient countries have to develop their own policies to mitigate climate change impacts, as drivers of climate change play a larger role than in more efficient countries. It is precisely the economic variables that predominate over the drivers of climate change in the models for the whole EU. It is a visible change in the perception of policymaking, with similar conclusions suggested by [35] . However, the models with dependent variable, efficiency of all EU countries, not just the selected sample, appear to be appropriate for explaining the effectiveness of greenhouse gas production, especially for DEA CCR. However, the most relevant model seems to be Model 1, which includes drivers of climate change as well as other socio-economic factors. This is true in all cases. Another finding is that the effect of the selected variables is significantly different in the case of BCC efficiency among the divided groups of countries. In countries with higher efficiency, efficiency increases with environmental tax increase, while in less efficient countries, raising taxes could lead to a fall in efficiency. Similarly, in the case of waste policies, for the less efficient countries, the effect is unexpected and thus the increase in waste per capita is causing higher efficiency. In countries where the amount of waste per capita has a significant impact, it would be possible to apply the proposals presented in [36, 37] . It is precisely from this finding that this could be caused by another technology stemming from the different internal policies of the countries. One can point to the need for individual access to selected countries. Relatively significant variations in the models can also be caused by the high variability of European countries' efficiency, which is also confirmed by [38] . On the contrary, for Model 1, the dependent variable BCC efficiency is the same effect of the average income level on citizens of EU countries, and this fact proves that not only production and services can have the effect of enhancing environmental efficiency, but also increasing the income of the population can increase environmental efficiency. However, if we want to model efficiency for selected subgroups of EU countries, we would need more indicators to have higher reporting capabilities.
The possibility of further research is to modify and apply the approach proposed by [39] to create a dynamic, large data model that adapts to changing circumstances. It is also possible to test variables such as the Gini Index [1] or the Quality of Life Index, the Human Development Index, the Environmental Performance Index, and similar aggregate indices.
Conclusions
In general, the results have shown that aggregate models for the whole EU can be used as well as diversified models for less environmentally efficient countries and more efficient countries. If we want to apply a model for all countries of the EU, it is necessary to prioritize economic policies rather than drivers of climate change when building policies. In this case, it is important to sanction the objectives of the EU's environmental policies to reduce direct impacts, such as the use of fertilizers or road freight transport, but also to assess indirect impacts such as average income of inhabitants and resource productivity, and last but not least, to adjust environmental tax policy to have a positive effect on increasing efficiency. It turns out that higher taxes do not have a positive impact on environmental efficiency nor on the performance of EU countries.
We propose some policy implications: (i) it is necessary to focus not only on the classic drivers of climate change but also on other socio-economic variables, and to address the demanding need to build extended, big data databases that will serve to verify the impacts of selected factors on changes in the quality of the environment; (ii) the EU must take into account that some factors may have a positive impact on environmental efficiency of each country, but the indices, as we have done, for example, in the field of environmental taxes, can have a negative impact not only on environmental efficiency but also on the state of the environment; (iii) continuous feedback of measures and assessment of impacts of these measures, which can be achieved by building an integrated model of environmental risk management; (iv) raising the standard of living of the population, with the need to verify aggregate indicators of quality of life and the environment for the EU, which is an opportunity for further research; (v) the creation of country clusters for the individual application of selected factors and measures to meet the common environmental objectives of the EU. Only by harmonizing national policies with regard to the individuality of each country is it possible to achieve sustainable growth in consumption and production, or to reduce greenhouse gas emissions at a given level of economic wealth.
The results in general have shown that Model 2, which contains only variable drivers of climate change, has in many cases worse results than models in which variables are drivers of climate change with socio-economic variables. The results have therefore shown that environmental efficiency may not only be related to variables, which EUROSTAT directly identifies as drivers, that directly affect the environment and climate state. There are other drivers of climate change, therefore, and we trust that increasing environmental efficiency on the same level of GDP per capita (i.e., changes in technology) will result in a sustainable reduction in greenhouse gas emissions and ensure sustainable growth of the countries. However, if the EU's goal is a common policy, then the EU should seek to find new indicators, such as the ones which have been applied in this article.
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